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m = (Number of Packet byte per each Packet)
n = (Number of Packets)
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# 1. A¥ A3 A2l (Accuracy)
13 14 L3 14 L3 L4 L3 L4
Dataset ACC

(o] o o
VPN 2016 | 2D-CNN | 07089  0.7079 -W
VPN 2016 4*196 0.7259 - 0.7244 -
VPN 2016 7112 0.7104 0.7164 0.7134 0.7204
VPN 2016 8*98 0.7204 0.7099 0.7094 0.7204
VPN 2016 14*56 0.7079 0.6995 0.7069
PRIVATE #1 origin 0.7222 0.7231
PRIVATE #1 4*196 0.7587 0.7528 0.7658 0.7624
PRIVATE #1 7112 0.7818 0.7761 0.774 0.7786
PRIVATE #1 8*98 0.7761 0.7788 0.7832 0.7742
PRIVATE #1 14*56 0.7889
PRIVATE #2 origin 0.7707 0.7665
PRIVATE #2 4*196 0.7957 0.7909 0.799 0.7987
PRIVATE #2 | 7*112 | 08017 = 07976 07999 |080s20|
PRIVATE #2 | 8+98 | 08002 |OI8038MN 08032 0793
PRIVATE #2 14*56 0.7984 0.7984 0.7987 0.7984
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