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II. ROS Path Planning '
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Algorithm 1 Path Quality Comparison Algorithm
if len(pre_path) < len(cur_path):
for x,y in pre_path:
if cur_costmap([x] [y] > obstacle:
return cur_path

return pre_path
else:
return cur_path
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Attempt Previous Algor . | Proposal Algor
Time(sec)

1 68.65 69.81

2 71.02 69.10

3 68.92 68.41

4 68.89 67.67

5 70.01 68.73

6 68.57 68.76

7 73.56 69.26

8 69.20 68.43

9 68.49 67.97

10 68.41 68.83

Ave (Deviation) | 69.572 (1.619) 68.697 (0.622)
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