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ABSTRACT

Network traffic classification is a core technology in network management, and recent advancements have
applied deep learning techniques using various public datasets. However, most existing public datasets are
single-host datasets, which may lead to overfitting to specific user behavior patterns. In this paper, we propose a
multi-host dataset collection system utilizing process logs. Using the collected dataset, we aim to enhance the
model’s generalization capability by learning various user behavior patterns and improve the 2D-CNN Classifier
model’s accuracy by approximately 27-29%. This system supports the construction of multi-host datasets and aims

to improve the generalization capability of classifier models.
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