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ABSTRACT

Recently, various applications are occurring according to the growth of network technology and environment,
and the amount of network traffic is rapidly increasing. In accordance with this trend, an efficient network
management is required for smooth service provision and safe network security in the network, and various
researches have been conducted for a long time for this purpose. Among several researches, user action detection
research detects and monitors application usage behavior of users within the network, and helps in various fields
such as network management, security, and expenditure management. In this paper, we propose a rule-based user
action detection system with the goal of accurate user action detection. In order to verify the validity of the
proposed method, we collect real application traffic and conducted performance comparison experiments with our

previous research.
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