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ABSTRACT

Due to the development of networks and the changed environment, various application programs are being
developed and used. Accordingly, the amount of network traffic is also increasing, and application traffic
classification is required for efficient network management. Application traffic classification focus on
classification accuracy, and is needed to quickly process traffic classification in a network environment where
large-capacity traffic. In this paper, we propose a method to improve the traffic classification speed based on
deep learning by sequentially processing data, and define the threshold and reliability used in the proposed
method. The appropriate threshold in the ensemble model was 0.7, which achieved a reliability of 99.78% and
correctly classified 58.99% of the data. As a result of testing by applying the remaining data classified from
the ensemble model to the deep learning model, the overall processing speed of the proposed method was 0.88
seconds faster than the result using only 1D CNN.
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Table 7. Experiment Results of 2 Models
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