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Abstract

Ethereum, one of the crypto—currency platforms built on block chain technology, is an online crypto—currency, also
called the 2.0 version of Bitcoin that uses peer—to—peer technology. If the news mentions the crypto, the price of the
crypto will fluctuate sharply depending on its value, which means that speculators gather on the exchange to make
transactions. At this time, it was assumed that the transaction volume would increase in proportion to the change in
price, which would allow the daily transaction volume to be predicted by learning from the news data into the
predictable LSTM (Long Short Term Memory) during deep learning. This paper uses deep learning algorithm LSTM
to execute the prediction of variation in Ethereum transaction.
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