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Prediction of Campus Network Traffic Usage Based on LSTM
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Learning Ratio | Seq Length iterations
0.0001 60 500
0.0001 60 1000
0.0001 180 500
0.0001 180 1000
0.0001 180 2000
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Seq_len Iterations Trace Cost RMSE

C1 121.752 0.04168

500 C2 127.816 0.04168

C3 177.214 0.04736

60 C4 76.115 0.03436

C1 111.169 0.03857

1000 C2 113.147 0.03967

C3 109.481 0.03860

C4 72.982 0.03401

C1 121.611 0.03987

500 C2 127.878 0.04169
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C1 111.116 0.03856

C2 113.168 0.03968

180 1000 C3 109.745 0.03864

C4 73.010 0.03401

Cl 93.667 0.03631

C2 90.068 0.03632

2000 C3 87.475 0.03562

C4 67.536 0.03343
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